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❖ 1.9 trillion photos were taken worldwide in 20241

❖ Finding, sorting, and curating photos from albums is tedious
❖ Can we automate this album organization process?
❖ No existing benchmarks/datasets address album organization

Motivation

What is unique about album organization:
❖ it is based on user intent;
❖ it encompasses multiple tasks;
❖ it is not image retrieval, users look back and forth to compare;
❖ it is not VQA, because the answers are not based on the facts about 

the images but what the user intended;
❖ its image distribution is different than single images or video 

frames: highly related but visually distinct
❖ it requires contextual understanding of the entire image pool 

(album)

We contribute AlbumBench:
❖ Built upon CUFED2 (23 event types: personal event to holiday)
❖ 641 albums; 27,051 images; 5 annotations per image
❖ Train/test: 80/20
❖ Hold-out for testing: casual_family_gathering and beach_trip

AlbumBench Tasks
Open-source vs. Closed-source:
❖ Qwen3-VL generally better among open-source models
❖ Gemini-2.5-Pro & GPT-5 each takes the lead on half the tasks

How well do VLMs understand the joint context of images?
❖ All models struggle with understanding joint context of albums
❖ “Thinking” greatly improves performance on grouping tasks 

Do VLMs make good use of visual context?
❖ Gemini-Caption-Baselines comparable to Gemini-2.5-Pro
❖ Group Labeling: language context >> visual context
❖ Visual information is underutilized

Discussion

Selection:

Rating:

Grouping:

Examples

Models:
❖ Proprietary:

➢ GPT-5
➢ Gemini-2.5-Pro

❖ Open-source:
➢ InternVL-3.5 (8B, 38B)
➢ Qwen3-VL (8B, 32B, 235B-A22B)
➢ Keye-VL-1.5 (8B)

❖ Caption Baseline:
➢ Gemini-Caption-Short
➢ Gemini-Caption-Long

Benchmarking Methods

❖ Intent Selection:
*Query: Capture the essence of traditional wedding customs and rituals for a cultural study paper

❖ Intent Rating:
*Query: Gather photographs that depict joyful expressions and celebrations to create a wedding highlight video

❖ Group Labeling:
*Query: Event Phase. Available groups: [“Preparation”, “Ceremony”]

❖ Group Clustering:
*Query: Location.

Album Organization

Results

Instruct and Thinking::
❖ For each config on the left, we 

include Intstruct and Thinking 
variants

❖ Results in 20 model configurations

Contextual info:
❖ visual context: gives models the 

actual images
❖ language context: replace each 

album with its caption                  

Failure modes:
❖ Missing images and overlapping groups
➢ seen frequently on smaller and open-source 

models
❖ Model gives empty answers
➢ Qwen-3-VL and Gemini-2.5-Pro
❖ Over-simplified categories and conceptually 

overlapped categories
➢ Keye-VL-1.5 generates two groups: 

“Wedding Scenes” and “Misc.” for a wedding

Project Link

https://byu-vision.github.io/albumbench/


